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* The framework can also be applied to other large ML models, e.g., foundation K Sparsity
models, in a wide range of applications and settings. Global model
The image on the left shows the innovative approaches in FedSpalLLM to address the
Tech n |c al Appro ach mask disagreements and global model sparsity discrepancy with a voting matrix and
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FedSpalLM proposes two major modifications to the standard FL algorithm to address improvements in perplexity, a key evaluation metric, from FedSpaLLM over Standalone
disagreements in mask selection in pruning and ensure the sparsity of the global models from the clients.
model.
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