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Scientific Achievement
• Addressed the open question of how to reliably and efficiently detect 

jailbreak prompts in large language models, where prior defenses were 
unstable or slow.

• Developed SelfGrader, which uses model logits as an internal safety signal 
and applies a dual malicious/benign scoring scheme to improve robustness 
and interpretability.

Significance and Impact
• Enables low-latency, lightweight safety filtering that improves jailbreak 

detection while remaining practical for real-world deployment.
• Advances the field of AI safety and alignment by showing that internal 

model signals can replace external classifiers, with broad applicability 
across domains and industry systems.

Technical Approach
• Reformulates detection as a numeric grading task over token logits (0–9 scale), 

avoiding expensive auxiliary models. 
• Overcomes challenges of latency, stochastic outputs, and false positives through a 

dual-perspective scoring method that stabilizes predictions.

Table 1: Comparison of different defense methods against three adaptive attacks on 
LLama-3-8B-Instruct. Defense performance are reported as Attack Success Rate (↓) / 

Pass Guardrail Rate (↓) in %.


